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Node-level Aggregation
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Node-level Aggregation
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Semantic-level Aggregation
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Experiments
Attack
— — S K=l A=3 A=H A 1s the maximum number of the perturbed edges
HAN 0.926 | 0.528 0.330 0.240
Jaccard 0918 | 0.892 0.860 0.848
SimP 0.898 | 0.746 0.476 0.358 employ FGSM-based attacks to generate perturbation edges
ACM GGCL 0.902 | 0.260 0.084 0.084
HAN-RoHep | 0.924 | 0.780 0.868 0.870
HAN-RoHet | 0.940 | 0.900 0.564 0.304
HAN-RoHe | 0.920 | 0.904 0.902 0.882
HAN 0.942 | 0.332 0.096 0.060
Jaccard 0.934 | 0.816 0.812 0.802
SimP 0.942 | 0.790 0.670 0.600
DBLP GGCL 0914 | 0.684 0.464 0.344
HAN-RoHep | 0.862 | 0.686 0.714 0.702
HAN-RoHet [ 0.944 | 0.760 0.360 0.220
HAN-RoHe | 0.942 | 0.936 0.864 0.808
HAN 0.882 | 0.346 0.134 0.102
GGCL 0.808 | 0.276 0.056 0.042
Aminer | HAN-RoHep | 0.840 | 0.772 0.772 0.774
HAN-RoHet | 0.842 | 0.788 0.668 0.562
HAN-RoHe | 0.838 | 0.840 0.812 0.802
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Experiments

Attack
Data HGNNs Clean A=l A= A =3
HAN 0926 | 0.528 0330 0.240

HAN-RoHe 0.920 | 0.904 0.902 0.882
MAGNN 0.926 | 0.71T 0.647 0.589

ACM | VIAGNN-RoHe | 0916 | 0.901 0.907 0.909
GTN 0032 10786 0466 0302

GTN-RoHer | 0.932 | 0.892 0772 0.656

HAN 0042 [ 0332 0.096 0.060

HAN-RoHe | 0.942 | 0.936 0.864 0.808

Smip | MAGNN | 0920 | 0620 0.49% 04l6

MAGNN-RoHe | 0.898 | 0.798 0.740 0.682
GTN 0946 | 0.564 0.200 0.128
GTN-RoHet 0950 | 0.644 0.334 0.172
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Experiments
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